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A B S T R A C T   

This article explores the relationship between face-to-face and online social life, by developing 
different constructs for each. The paper investigates if the online and offline forms of social 
capital mirror each other, and which socio-economic groups have benefitted the most from the 
digitalization of social life. Using data from a survey carried out in Spain in 2016, the study 
confirms that social capital is more diversified and instrumental when expressed online than 
offline. The findings also suggest a widening of the digital gap between generations and socio- 
economic groups in favour of the younger, the better educated, and the upper classes.   

1. Introduction 

Social capital is a key concept in the field of social stratification. Along with economic and cultural capital, it is a major source of 
social inequalities. It is also a difficult concept to grasp. Unlike economic capital, which is more easily quantifiable, the measurement of 
social capital is plagued with theoretical controversies and empirical difficulties. As communications have shifted towards the digital 
domain, these difficulties have increased. Furthermore, questions have naturally arisen about whether individuals mimic their face-to- 
face patterns of social communication in the virtual world; whether the digital media affect in fundamental ways how we communicate 
with others; or whether the digitalization of the social world is deepening social inequalities. This paper aims to contribute to these 
debates by proposing new instruments to measure social capital and by investigating if the increasing digitalization of social life is 
altering its nature and distribution in society. 

Current academic debates center around whether online social capital gained through personal digital media (PDM)1 platforms is 
replacing local, tight-knit communities ( Turkle, 1995), or if virtual connections are extensions of real-life relationships and provide 
support to local communities (Gil de Zúñiga, Jung, & Valenzuela, 2012). 

The mirroring view sees online social capital as a reflection of offline social capital. How we nourish our offline community extends 
to our online connections (Wellman, Boase, & Chen, 2002). Linked to this view, the continuity argument claims that the benefits that 
various socio-economic groups derive from social capital are the same in face-to-face as in virtual life (Lin & Erickson, 2008). Even 
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1 PDM, or personal digital media, is an umbrella term for one-to-one and one-to-many forms of online communication. One-to-one digital 
platforms allow members to connect to their communities via instant messaging, phone calls, or e-mails. One-to-many platforms, such as social 
network sites (SNSs), are ego-centric web-based platforms where an individual can create a personal profile, manage online friends/followers, and 
socially interact with them (Ellison et al., 2014). 
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though online forms of social capital may be replacing offline forms in younger cohorts, inequalities in social capital have remained 
constant over time (Lin, 1996). 

The replacement view, in contrast, considers that there has been a significant change in how people interact with others—that 
online social capital differs substantially from its offline counterpart (; Turkle, 1995; Putnam, 2002; Nie, 2001; Van Dijk, 2005; boyd & 
Ellison, 2007; Baym, 2010). There are two competing arguments considering the consequence of such changes on the distribution of 
online social capital across social groups (Marwick & boyd, 2011). The levelling argument states that they have favored the disad-
vantaged, by giving them access to types of social capital previously reserved for the advantaged (Donath & boyd, 2004). On the 
contrary, the deepening inequality argument states that the digital divide is reinforcing social inequalities, enhancing the instrumental 
use that the advantaged have traditionally made of (weak) ties, and strengthening the social segregation of the disadvantaged (Nie, 
2001; McPherson, Smith-Lovin, & Cook, 2001). 

This study aims to test these competing arguments. First, we seek to systematize what is already known about the dimensions of 
social capital in offline vs. online networks, and the main arguments explaining their association. Second, we propose novel ways to 
measure online and offline social capital with survey data from a representative sample of the Spanish population. Inspired by Lin’s 
work (2001), we generate four indicators, for both online and offline communications, of: communication intensity (size of personal 
network and frequency of contact); network multiplexity (heterogeneity of contacts); weak-ties (strength of the ties linking respondents 
to contacts); and instrumentality of action (typical use of the network). Third, we test whether the indicators of online and offline social 
capital measure the same construct, thus testing the mirroring vs. replacement arguments. Finally, we assess whether inequalities in 
social capital across cohorts, educational groups, and social classes are larger in the online or offline worlds, thus testing the continuity 
vs. the levelling vs. the deepening inequalities arguments. 

2. Theory 

2.1. Social capital in offline and online networks 

The concept of social capital is controversial. Multiple approaches have applied to understanding how people form, and benefit 
from, their social networks (Bourdieu, 1986; Coleman, 1988; Putnam, 2000, Adler and Kwon, 2002; Williams, 2006; Cho, 2015; 
Engbers, Thompson, & Slaper, 2017). In this paper, we utilize Lin’s (2001) definition and conceptualization of social capital, which 
incorporates network locations and embedded resources with a great level of detail. A significant advantage of his approach is that it 
identifies the intensity, diversity, strength, and instrumentality of social ties, integrating multiple approaches from the social capital 
literature (Lin, 2008). 

Table 1 depicts our adaptation of Lin’s theory (2001, p. 14). His approach considers the accessibility and mobilization of an in-
dividual’s social network as a source of social support. Embedded resources define the individuals’ accessibility to the network 
regardless of the characteristics of the contacts that compose it. Two dimensions are key: Communication intensity and network 
multiplexity. Communication intensity captures how many contacts a person has and the frequency of communication with them. It 
measures the potential size of individuals’ social resources. Network multiplexity deals with the heterogeneity and diversity of such 
contacts. 

Network locations determine the mobilization or uses that can be made of social resources, and are a function of the characteristics 
of one’s social contacts. They are determined by two factors: the strength of the ties binding individuals to contacts, and the instru-
mental vs. expressive nature of the actions carried out through them. Both help determine individuals’ distances from the bridges 
connecting them to other networks (Burt, 1997; Lin, 2001). Weak ties bind individuals to other networks while strong ties do it to 
individuals within the same network. Instrumental actions are oriented towards obtaining other resources than those typically 
controlled by an individual, while expressive ones are aimed at reinforcing those already owned. We next briefly review how these 
components are defined and measured in the literature. 

2.1.1. Communication intensity 
As noted, communication intensity provides information about accessibility to resources embedded in a network 

Table 1 
Adaptation of Lin’s social capital asset in the network (2001; p14).  

FOCUS MEASUREMENT INDICATORS 
Embedded resources Contact resources Communication intensity 

Network extensity and communication intensity   
Network Multiplexity 
Variety/composition of contact resources 

Network locations Strength of tie Weak ties 
The proportional size of weak ties  

Network resources Instrumental actions 
Total contact of resources utilized in instrumental actions  
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(Haythornthwaite, 2000; Lin, 2001; Pachucki & Breiger, 2010). Offline, it is often measured by considering the number of individuals 
contacted within various communities (e.g., family members, colleagues) and the frequency of interactions with them (Burt, 1997; 
Carrillo & Riera, 2017). Online communication intensity is similarly measured with the number and frequency of connections across 
various digital media platforms (Wellman et al., 2002; Ellison, Steinfield, & Lampe, 2007). It tends to be larger than in real-life 
connections as PDM facilitate individuals’ access to more distant contacts (e.g., keeping in touch with a friend from high school) 
and the building of brand-new connections (Kim, Kim, Park, & Rice, 2007). 

2.1.2. Network multiplexity 
Network multiplexity captures the diversity of resources that individuals can access (Lin, 2001)—a function of the heterogeneity of 

one’s contacts. Low multiplexity hinders access to distinct resources (Burt, 1997; Haythornthwaite, 2000; Wellman et al., 2002; Ellison 
et al., 2012). Contrary to face-to-face multiplexity indicators, their online counterparts not only measure how diverse are the com-
munities contacted by an individual (family, workmates, etc.) but also the diversity of the means used to communicate with them. The 
rationale is that when people use fewer PDMs, they reduce the bandwidth through which more diversified resources can flow 
(Haythornthwaite, 2005; Ling, 2008; Papacharissi & Mendelson, 2011; Aral & Van Alstyne, 2011). 

2.1.3. Weak ties 
The notion of weak ties traces its roots to Granovetter (1973), who scaled social links from very strong to very weak. A strong tie 

represents exchanges between people in intimate relations, such as family and close friends. Putnam (2000) associated them with 
bonding social capital and emotional support. A weak tie, by contrast, is a casual and less emotionally charged exchange between 
distant connections such as neighbors. Putnam (2000) associated weak ties to bridging social capital, which facilitates access to novel 
information (e.g., job opportunities) and differing worldviews. 

Digitalization has facilitated quick communication with others, increasing the size of the networks, the number of weak ties, and 
the frequency of contact with distant communities (Donath & boyd, 2004; Bohn, Buchta, Hornik, & Mair, 2014). This is because PDM 
reduce the costs of forming new relationships, since the simultaneous presence of others is not required, broadening the pool of po-
tential weak ties (Johnston et al., 2011; Kwon et al., 2013). 

2.1.4. Instrumental actions 
People can make contact with others for multiple purposes. The literature typically focuses on two: instrumental and expressive. 

According to Lin (2001), people engage in expressive actions (e.g., providing emotional support when needed) to maintain their 
embedded resources. These actions are more likely to be expressed with others with whom we are linked via strong ties, and whose 
resources are similar to ours. In contrast, offline instrumental actions (e.g. contacting an acquaintance to find a job or obtain other 
valuable resources), mostly occur between individuals linked by weak ties. They contribute to, and are facilitated by, bridging social 
capital, which facilitates access to useful resources embedded in other networks (Van Der Gaag & Snijders, 2005). 

Online instrumental actions—such as providing job opportunities on LinkedIn, or acting as conduits for useful information—also 
contribute to one’s social capital (Quan-Haase & Wellman, 2004). The use of PDM for instrumental purposes helps access the social 
capital embedded in online communities. It makes available to users otherwise inaccessible forms of interaction, and information that 
would normally be lost in the space and time coordinates of face-to-face social life (Papacharissi & Mendelson, 2011; Steinfeld et al., 
2012). However, PDM can also be used to express emotion (e.g., as when responding to negative updates on a Facebook wall, or 
celebrating special days using WhatsApp) (Valenzuela, Park, & Kee, 2009; Utz & Muscanell, 2015). 

2.2. Theoretical arguments 

The current debate over the relationships between online and offline social capital poses two fundamental questions. First, does 
online social capital (and its components) provide the same functions as its real-world counterpart, or are these forms of social capital 
altogether different constructs with unique functionalities? In case they were different, who has benefitted the most from them 
expansion of online connections? Is the digital divide contributing to a deepening of social inequalities, or is the expansion of PDM 
helping to reduce them? 

2.2.1. The replacement and the mirroring arguments 
The replacement argument considers that digitalization has marked a profound change in social interactions; that online social 

capital differs substantially from its offline counterpart; and that it is growing at the expense of offline connections (; Putnam, 2000; 
Nie, 2001; Wellman, Haase, Witte, & Hampton, 2001; Beck & Beck-Gernsheim, 2002; Van Dijk, 2005; Livingstone, 2008; Wilkinson, 
2010). Not only are people spending more time in digital environments; their ways of communicating have also changed. They have 
access to more productive forms of social capital and to larger and more varied communities (Nie, 2001). Internet expansion has 
strengthened individuals’ capabilities for learning, by fostering connectivism with multiple and specialized sources of information 
(Siemens 2005). 

The mirroring argument similarly acknowledges a substantial change in how we communicate with others. However, it challenges 
that offline connections are being substituted by virtual communities, or that online identities are independent from their real-life 
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counterparts (Katz & Rice, 2002). It claims that recent social changes (globalization, urbanization, and mobility) have transformed 
online communities into “remote kind[s] of offline communities”, (Ellison et al., 2007). PDM are just sets of integrated tools that help 
connect with already-established, physically distant contacts, strengthening the offline communities. 

2.2.2. The levelling-up vs. deepening vs. stability of social inequality arguments 
There is another debate closely linked to the previous one on the consequences that the digitalization of social life may have had on 

the deepening or levelling up of socio-economic inequalities. Given the almost universal access to, and increasing knowledge of, PDM 
across the globe, the debate has shifted towards the existence of the so called “third-level digital divide” in the returns that users derive 
from the internet use (van Deursen and Helsper, 2015). 

The levelling-up of inequalities argument considers that the shift towards online forms of communication has reduced social in-
equalities, giving access to the disadvantaged to forms of social capital and knowledge previously reserved for the advantaged 
(Rheingold, 2003; Wellman & Berkowitz, 1988; Wellman et al., 2001). By providing ease access to information and blurring social and 
geographical boundaries, PDM widely distributes the resources embedded in multiple communities (Haythornthwaite, 2002; Pénard & 
Poussing, 2005). PDM assist users in hindering identity cues shaped by education and social class, promotes anonymity and 
self-selectiveness (presenting one’s ideal self), and ultimately supports the concept of the global community (Wellman & Hay-
thornthwaite, 2002). This results in a more equal distribution of social capital in online communities, especially benefitting people of 
disadvantaged social origins. In the online world, weak ties flourish, information flows freely, and job and other opportunities become 
accessible for everyone (Resnick, 2001; Neves, 2015). 

The deepening inequalities argument (i.e., Rich-Get-Richer), on the contrary, claims that the digital shift has benefitted the advan-
taged by multiplying the weak ties they can access and limiting the use that the disadvantaged make of online networks to forming 
strong ties, thus reinforcing their social segregation (; Van Dijk, 2005; Khan et al., 2016). This view expresses concerns about rising 
inequalities in the access to, and mobilization of, increasingly valuable online social resources due to structural (educational, eco-
nomic) and social (age, gender) constraints (Mesch & Talmud, 2010; Poley & Luo, 2012). These inequalities generate the conditions for 
a new digital divide (Van Dijk, 2005, 2006; Mesch, 2012; van Deursen & Helsper, 2015) and the amplification of social inequalities. 
Higher education and class facilitate access to embedded online resources (Lin, 2000), and their more productive, instrumental use. 
Understanding the value of these resources requires a certain level of competence and cultural familiarity with them (i.e., contacts on 
LinkedIn, or an educational webinar on Facebook) (Micheli, 2016). 

Finally, the continuity argument is an extension of the mirroring view. It claims that changes in the composition of social capital have 
affected all socio-economic groups similarly, with the exception of birth cohorts, due to a generational digital divide. Only younger 
cohorts were raised in an era in which social connections naturally occurred in both the online and the offline worlds (Livingstone, 
2008). They profusely use PDM to communicate with distant others, keep up with friends and family, and make new connections 
(Ellison et al., 2007). They are more likely to diversify their online resources, enrich their online network, and enjoy higher levels of 
social capital than older cohorts (Lin, 2008). 

2.3. Hypotheses 

This study has two sets of hypotheses. The first set tests the mirroring vs. replacement argument about the higher importance and 
peculiar composition of online social capital compared to its offline counterpart. 

Hypothesis 1a. There is no significant difference in how individuals construct their online and offline social capitals. Their 
composition and levels mirror one another. 

Hypothesis 1b. There are significant differences in the content and levels of online and offline social capitals 

The second set of hypotheses expands the first one. It tests who has benefitted the most from the expansion of online socialization 
and the corresponding changes in the level and composition of social capital—the disadvantaged (as in the levelling argument), the 
advantaged (as in the deepening inequality argument), or neither (as in the continuity argument). 

Hypothesis 2a. The disadvantaged (the least educated and the lower classes) are more likely than other members of the society to 
benefit from the lower barriers set on social communication by PDM, broadening their social connections, especially those of a weak 
and instrumental nature. 

Hypothesis 2b. Better educated, upper-class people are the ones benefiting the most from the digitalization of social life, because 
they have the skills and social position to take a fuller advantage of the opportunities provided by the expansion of PDM. 

Hypothesis 2c. The distribution of online and offline social capital is similar across socio-economic groups, except across cohorts, 
reflecting a generational digital divide. 
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3. Methods 

3.1. Data 

We test the hypotheses using cross-sectional survey data from a study conducted in 2016 by the Spanish Centro de Investigaciones 
Sociológicas (CIS) (Barometer-3128). The valid N used equals 2,244 respondent, aged 18 to 78. While the details on respondents’ 
patterns of online and offline social connectivity are very rich, they do not allow replicating some popular indicators of social capital 
employed in the literature, such as those based on the Position Generator (Lin & Dumin, 1986; Lin, Fu, and Hsung, 2001; Van der Gaag 
& Snijders, 2005), or the full versions of the Resource Generator (Snijders 1999). This is the main reason why we generated new survey 
indicators of online and offline social capital, based on the theoretical approach outlined in previous sections. 

3.2. Independent variables 

The first substantively important independent variable in the analyses is birth cohort. For simplicity, we recoded it into an ordinal 
variable with three approximately equal intervals based on the year in which the respondent was born: from 1938 to 1957 (aged 59 to 
78 in 2016, the oldest cohort), from 1960 to 1979 (aged 37 to 58 in 2016, the middle-age cohort), and from 1980 to 1998 (aged 18 to 
36 in 2016, the youngest cohort).2 

The second substantively important variable is social class, which we coded into 3-categories (upper-class, middle class, lower 
class). The variable is a recodification of respondent’s current or last occupation (if unemployed) or the head of the family’s, if inactive 
(Erikson & Goldthorpe, 1992). We first recoded 3-digit occupations into Erikson and Goldthorpe’s (EG) 7-category class schema , 
(Erickson, 1996; Evans & Mills, 2000). Then we recoded these 7 classes into just three. The upper classes correspond to categories I and 
II in EG 11-category class scheme; the middle classes, to categories III and IV; and the lower classes, to categories V, VI, and VII. 

Educational levels are measured on a 3-point ordinal scale ranging from low to high. The lower level is made up of respondents with 
compulsory education or less; the middle level, of respondents with secondary education; and the upper level, of respondents with 
tertiary education. 

In all statistical models we control for the size of the population of residency (dichotomous), gender (dichotomous), marital status 
(3 categories) and employment status (4 categories). All have been found to significantly predict social capital in earlier work 
(Beaudoin & Thorson, 2004). 

3.3. Dependent variables 

In this section we provide detailed information on how we built the two dependent variables measuring online and offline social 
capital, and their four constitutive dimensions of communication intensity, network mutiplexity, tie strength, and instrumental action. 
Prior research has shown that these dimensions are highly intra-correlated and useful for capturing the underlying concept of social 
capital in each domain (Lin, 2001; Van Der Gaag & Snijders, 2004). 

3.3.1. Indicator 1: Communication Intensity (INTENSITY) 
Communication intensity refers to the density of relations that a respondent has with individuals of different types (communities) 

and with different frequencies. To measure it in the offline domain, we multiply the number of persons that the respondent says it has 
contact with in each of four categories of contacts (family, friends, neighbors, workmates, and others), times the average frequency of 
contact with them, and sum up the results. The number of persons in each group is established from the responses to the following 
questions: How many: (i) family members (including family members living with you), (ii) friends, (iii) neighbors, and (iv) workmates 
do you have? How often do you communicate with your (i) family members (excluding the family members living with the respon-
dent), (ii) friends, (iii) neighbors, (iv) workmates, and (V) other people? The frequency of contact with each of these communities is 
measured with a 7-point Likert scale: 1-Never; 2-Rarely; 3-Several times a year; 4-Several times a month; 5-Several times a week; 6- 
Daily3. 

A similar method was used to measure an individual’s communication intensity in the online domain. In this case, the categories of 
persons were defined, not only in terms of their status (family, friends, etc.) but also of the media platforms used to communicate with 
them (phone, email, instant messaging, or social media). The specific questions used to calculate the number of persons with whom the 
respondent had contact with were: How many (i) family members, (ii) friends, (iii) neighbors, (iv) workmates, or (V) other people do 
you have/follow/contact in the following media platforms? (a) mobile phone (calling or SMS), (b) e-mail, (c) WhatsApp and other 
instant messaging applications (Line, Telegram, Snapchat), (d) social media platforms (Facebook, Twitter, Instagram, LinkedIn, etc.). 
These numbers were multiplied times the frequency of contact within each category, as determined by the following questions: On a 
normal day, how many: (a) phone calls do you make; (b) e-mails do you send; and (c) WhatsApp and other instant applications’ 

2 The motivation for recoding age into three cohort groups was to better capture the generational divide. In additional analyses testing the 
robustness of the result, available upon request, we tried alternative recodifications (i.e., into 10-year cohort groups) but the results did not sub-
stantively change.  

3 For simplicity, we treat the ordinal scale as if it were interval. The results do not change if we use alternative scoring methods (e.g., 0, ,1, 7, 15, 
and 30). 
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messages do you send (to each categories of people)? The answers to these questions were open and numerical. The survey did not 
include communication frequencies in the social media, as they are typically used for one-to-many communication. Therefore, we 
relied on the following question to create a 7-point frequency scale: How often do you use social media? 1-Never; 2-Every few weeks; 3- 
One or two times a week; 4-Three or four times a week; 5-Daily; 6-Several times a day; 7-Continuously. 

Formally, we used the following formulae to calculate the online and offline communication intensity indicators: 

INTENSITYd =
∑5

i=1
(community sizei x frequencyi)

When d = 0(offline),

INTENSITYd =
∑5

i=1

∑4

j=1

(
community sizeij x frequencyij

)

When d = 1(online)

Where i = 1, 2,3, 4, 5 represents family, friends, neighbors, workmates, and other people, respectively; and j (DPM platforms) = 1, 2,
3 and 4 represent phone, email, WhatsApp and other instant messaging applications, and social media, respectively. 

3.3.2. Indicator 2: Network Multiplexity (MULTIPLE) 
Network multiplexity aims to capture how much do respondents diversify the types of communities with which they have contact, 

either face-to-face (offline network multiplexity) or via digital media platforms (online network multiplexity). It measures the het-
erogeneity of respondents’ social networks. 

To calculate these indexes, we used some of the questions employed to capture INTENSITY, but in a different way. The indicator of 
offline network multiplexity was calculated as follows. If the number of a respondent’s contacts in one community (e.g., family) was 
equal or higher than 20% of the number of offline contacts across all communities, he/she received a value of 1 (0 otherwise). We next 
summed up the corresponding values (1’s or 0’s) obtained by the respondent across communities to calculate the offline multiplexity 
score on a 5-point scale (min:1 and max:5). A respondent received the highest score if his/her offline social network was diversified 
across more communities (e.g., family), which should yield higher returns from embedded resources and higher levels of social capital. 
More formally, offline network multiplexity (d=0) is calculated as follows: 

MULTIPLEd =
∑5

i=1
(F[m1i])

where :

F[m2i] =

1, if
community sizei

total community size
≥ 0.20

0, otherwise  

Where i = 1, 2, 3, 4, 5 stands for family, friends, neighbors, workmates, and other people, respectively. 
To calculate the online community multiplexity indicator, we proceeded as for the offline index, now taking into account also the media 

platforms to define the online communities. We first calculated the number of people of a specific type that the respondent was in 
contact with in each media platform. A binary variable was next created for each community and platform measuring if the number of 
persons contacted in each community was equal or higher than 20% of the total online network size in that media platform. Next, a 
platform index was calculated by summing up the value of the dummy variables for each community in each platform. Finally, an 
average of community sizes across platforms was calculated to produce the online multiplexity indicator. Higher scores in the index 
indicate that respondents diversify their online communities in all PDM, and are interpreted as signaling higher online social con-
nectivity. Formally, the multiplexity score for online communities (d=1) was calculated as follows: 

MULTIPLEd =

∑4

j=1
Platformi

4

where :

Platformj =
∑5

i=1
(F[m2i])

and :
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F[m2i] =

1, if
community sizeij

total community sizej
≥ 0.20

0, otherwise  

Where i = 1,2, 3, 4, 5 represents family, friends, neighbours, workmates, and other respectively; and j (DPM platforms) = 1, 2, 3 and 4 
represent phone, email, WhatsApp and other instant messaging applications, and social media, respectively. 

3.3.3. Indicator 3: Tie Strength (WEAK-TIES) 
The online and offline indicators of Tie strength is a ratio depicting the proportion of the respondent’s relationships that can be 

considered weak ties (those established with workmates, neighbors, or “others”) relative to those constituting strong ties (held with 
family and friends). In building the indicator we assume that there is a correlation between the strength of the ties and the type of 
community in which they are generated (Burt, 1984; Putnam, 2000; Ellison, Vitak, Gray, & Lampe, 2014). 4 Family and friends are 
assumed to be linked to each other through strong ties; workmates, neighbors, and other social connections; through weak ones. The 
indexes (one for the online domain and another for the offline one) are calculated as follows, using the same questions reported above 
for the indicators of intensity: 

WEAK-TIESd =

∑5
i=3(communityi x frequencyi)

∑2
i=1 (communityi x frequencyi)

when d = 1 (offline),

WEAK − TIESd =

∑5
i=3

∑4
j=1

(
communityij x frequencyij

)

∑2
i=1

∑ 4
j=1

(
communityij x frequencyij

)

when d = 0 (online),

Where = 1, 2, 3, 4, 5, represents family, friends, neighbors, workmates, and other; and j (DPM platforms) = 1, 2, 3, and 4, represents 
phone, email, instant messaging applications, and social media, respectively. 

3.3.4. Indicator 4: Instrumental actions (INSTRUMENTALITY) 
The indicators of instrumentality aim to capture the instrumental vs. expressive purpose of respondents’ communications with 

others in the off- and on-line domains. The offline instrumentality index is a ratio of the number of persons that the respondent contacts 
in his/her social network for instrumental motives such as looking for a job or borrowing money, to the number of people he/she 
contacts for expressive purposes, such as obtaining emotional or health support. By expressive uses we mean those in which the 
interaction constitutes an end by itself, rather than a means to attain further ends. The index is based on the following question: 
Approximately how many people do you have in your circle to: a) help you find a job; b) lend you money when you need it; c) talk with 
you when you have a problem, feel depressed, or are unhappy; or d) take care of you when you are sick? Following Lin’s work (2001), a 
and b classified as instrumental purposes; c and d, as expressive ones. 

The online instrumentality indexis also a ratio, in this case, of the instrumental use(s) that respondents make of each platform (e.g., to 
get information related to work, make new friends, look for jobs, etc., up to 14 possibly different instrumental uses) to the expressive 
uses that he/she makes (e.g., to communicate with family, friends, etc. up to 11 possibly different uses of this kind). Not all 25 uses 
listed in the questionnaire were available in all media platforms (e.g., sharing photos was not a valid motive to engage in a phone 
conversation). On average, there were about 12 motives which the respondents could choose among for each PDM (many overlapped 
across several media), of which about half could be classified as instrumental and the other half as expressive. We followed the same 
criteria used in the offline index to classify as either instrumental or expressive the same motives that appeared in both domains. To 
avoid an arbitrary classification of the remaining motives, we conducted an exploratory principal component analysis for the social 
media platform, where they were all available to respondents. As shown in Table A1 in the appendix, the items loaded cleanly into 
three dimensions: (i) expressive motives (to communicate with people I cannot frequently see; to connect with others in my circle; to 
share/follow photos and videos; to be aware of what acquaintances do and share; to "keep up" with information and plans that my 
connections share online), (ii) create new connections (to make new friends; to look for partners; to organize an event), (iii) instrumental 
motives (to look for information related to professions, politics, or culture; to look for a job; to have fun or hang out with others). We 
summed up the number of items that the respondent chose with high loadings in the second and third dimensions of the principal 
component analysis to fill up the numerator of the online version of the instrumentality index. Then we divided this number by the sum 

4 This assumption may not be realistic in all cases. For instance, one’s relationship with a workmate (here presumed to be a weak tie) may be 
stronger than another with a family member (here presumed to be a strong tie). However, it is quite possible that the respondent may have reported 
this workmate as a friend. The assumption is realistic on the average, as indicated by the frequency of communication within each community, 
which is higher in communities assumed to be linked by strong ties. 
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of the choices made among those with high loadings in the first component. 
Formally, the off- and on-line indicators of instrumentality were computed as follows: 

INSTRUMENTALITY d =

∑5
a=3 community size a

∑2
a=1 community size a  

when d = 0 (offline),

INSTRUMENTALITY d =
∑4

j=1

Instrumental actionsj

assertive actionsj  

when d = 1 (online)

Where a = 1, 2, 3, and 4 represents the total number of people that the respondent has a connection with for health support, 
emotional support, financial support, and job support, respectively; and j = 1, 2, 3 and 4 represents phone, email, WhatsApp and other 
applications, and social media, respectively. 

3.4. Construction of social capital: Confirmatory Factor Analysis (CFA) 

To generate the two indicators of social capital for the online and the offline domains, we applied a confirmatory factor analysis 
(CFA) using the lower-level indexes of intensity, multiplexity, tie strength and instrumentality generated as inputs for each domain. 
CFA aims to validate an a-priori, hypothesized structure of correlations between the components making up the online and offline 
social capital constructs (Dyer, Hanges, & Hall, 2005; Zhang & Wan, 2005; Mathisen, Torsheim, & Einarsen, 2006; Asparouhov & 
Muthén, 2008). The null (mirroring) hypothesis is that the constituent components of online and offline social capital have the same 
structure of correlations; the alternative (replacement) hypothesis, that they do not. 

3.5. Testing the mirroring vs. replacement hypotheses: Multilevel CFA 

One problem in testing the mirroring vs. replacement hypotheses with CFA is that the assumption that observations in the online 
and offline domains are independent may not hold, because the same individual contributes to the measurement of online and offline 
social capital, as in repeated measures datasets. Because the components of online and offline social capital are likely to be correlated 
within individuals, the total variance of each indicator and their covariance will be influenced by both between and within individual 
variations (Dyer et al., 2005). To solve the contamination of the two sources of variation and discard that the similarities between 
online and offline social capitals may just reflect respondents’ auto-correlation, we applied a multilevel CFA (ML-CFA). This technique 
separates within and between individual factor structures and allows testing for the equivalence (invariance) of the social capital 
indicators in the online and offline domains (Hox, 1993; Longford & Muthén, 1992; Nezlek, 2001). 

Following Muthén’s (1991, 1994) guidelines, we first conducted a conventional CFA of the total correlation matrix, assuming 
independence among the indicators. Then, we estimated the indicators’ intra-class correlations (ICC) to assess if an ML-CFA was 
necessary (Koch, 1983). Next, we conducted separate factor analyses from the estimated within and between correlation matrices to 
assess if the online and offline indicators contributed similarly to defining the social capital construct. Finally, we tested the mirroring 
versus replacement hypothesis by assessing if measurement invariance was a necessary condition to compare online and offline social 
capitals. In line with the literature, we used four measurement invariance models: configural, metric, scalar, and partial (Vandenberg 
& Lance, 2000). The configural invariance model allowed online and offline social capitals to differ in their levels (intercepts) and 
compositions (loadings/intercepts). The metric invariance model (Van De Schoot, Schmidt, De Beuckelaer, Lek, & 
Zondervan-Zwijnenburg, 2015) forced the factor loadings to be equal over the online and offline dimensions. Scalar invariance 
(Vandenberg & Lance, 2000; Muthén & Muthén, 2012) required both the factor loadings and the intercepts to be equal in the online 
and offline domains. Finally, the partial scalar variance model (Byrne, Shavelson, & Muthén, 1989) constrained some factor loadings to 
be invariant and freed others. 

3.6. Testing the levelling vs. deepening inequalities argument 

To test if the distribution of social capital across socio-economic groups differs in the online and offline domains (Baltagi, 2005), we 
compared respondents’ scores in the social capital indicators generated previously with factor analyses. The comparison was carried 
out within a multi-level regression format allowing an individual’s level of social capital to change across domains. Next, we observed 
how much the differences between respondents’ online and offline levels of social capital varied after considering the cohort, 
educational level, and social class to which they belonged (plus controls). 
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4. Results 

4.1. Inspection of indicators and intra-class correlation coefficients 

Table 2 shows that the means and the standard deviations of the indicators capturing the different dimensions of social capital 
range from 0.18 to 3.62 and 0.01 to 150.2, respectively. Skewness and kurtosis measures are within a reasonable range of -1 and +1, 
except for the online and offline indicators of INTENSITY which are significantly over 1. Because the factor models assume normal 
distributions, we log-transformed the scores of the indicators to increase their normality. 

Next, we inspected the indicators’ intra-class correlation coefficients (ICC) (i.e., the correlations of each indicator with each other 
in and across the online and offline domains) to assess if there was an interdependence problem with the data. Coefficients above 0,05 
are interpreted in the literature as indicating that the data are independent (Dyer et al., 2005; Wolf, Harrington, Clark, & Miller, 2013), 
i.e., that most of the variance is between subjects and there is no need to conduct an ML-CFA. 

The ICC values ranges between 0.02 and 0.65, with most having values above the 0.05 cutoff (see Table A2 in the Appendix) 
(Muthén, 1991). However, two ICC are below that level, indicating that the within-individual variance component might be important 
and lead to different measurements of social capital in the online and offline domains. The use of a multilevel approach is therefore 
recommended (Raudenbush, Rowan, & Kang, 1991). 

4.2. Confirmatory multilevel factor analysis 

After the initial inspection of ICCs, we carried out two separate, conventional factor analyses with the, respectively, four online and 
four offline sub-indicators of social capital. A one-factor solution explained approximately half of the total variance in both domains, 
with eigenvalues exceeding 1 (Byrne, 2012; Brown, 2015). For the between-individual level, we performed an unconstrained factor 
analysis with the 8 sub-indicators. 

Fig. 1 visually shows the unconstrained factor loadings of the sub-indicators at the within- and between-individual levels. For the 
sake of convenience, we present standardized loadings. The unit loading identification (ULI) constraint is set to 1.00 for the weak ties 
indicator on all factor analyses. The rest of the loadings range: from 0.25 to 1.07 for the overall measure of social capital; from 0.60 to 
1.00 for the online version; and from 0.31 to 1.16 for the offline one. Generally, the offline indicators have higher loadings than the 
online indicators. The indicators of intensity and instrumentality have the strongest associations with the online and offline forms of 
social capital, i.e., they tend to dominate its forms. 

Table 2 
The descriptive analysis  

Dimension Indicator Mean Min Max SD Skewness Kurtosis 
Offline INTENSITY 10,1 0 215 15,0 5,4 20,8  

Family 3,0 0 107 4,9 1,5 8,9  
Friends 3,2 0 105 6,7 9,2 12,9  
Neighbors 0,8 0 174 5,7 8,3 82,2  
Workmates 2,0 0 215 8,8 7,3 34,2  
MULTIPLE 1,8 0 4 0,7 0,1 2,7  
WEAK-TIES 0,3 0 1 0,26 0.3 2,2  
INSTRUMENTALITY 3,61 0 1 0.2 -0,1 1,3  
INTENSITY 109,0 0 4880 150,2 4,9 27,7 

Online Family 20,2 0 365 29,1 2,5 8,9  
Friends 44,8 0 1160 99,2 5,2 21,9  
Neighbors 1,0 0 273 8,1 21,3 82,2  
Workmates 19,2 0 4880 186,2 11,3 72,2  
Others 23,8 0 3880 152,3 19,3 78,4  
MULTIPLE 0.93 0 3 0.6 0,2 2,3  
WEAK-TIES 0,19 0 1 0,1 0,9 3,3  
Phone 0.25 0 1 0,2 0,9 2,9  
E-mail 0.11 0 1 0,3 1,3 2,5  
WhatsApp and other instant applications 0.19 0 1 0,2 1,2 3,6  
Social media 0.13 0 1 0,2 1,3 4,2  
INSTRUMENTALITY 0.18 0 1 0,1 0,8 1,2  
Phone 0.08 0 1 0,1 1,2 2,9  
E-mail 0.10 0 1 0,1 0,2 1,9  
WhatsApp 0.14 0 1 0,3 1,3 1,2  
Social media 0.42 0 1 0,3 0,3 1,2 

Note: M = Mean, SD = Standard Deviation; MULTIPLE stands for Network Multiplexity; INTENSITY for Communication 
Intensity; INSTRUMENTALITY for Instrumental Actions; and WEAK-TIES for Strength of Ties. 
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Fig. 1. A two-level CFA for social capital.  
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Two indicators of social capital appear to have different meanings—show higher factor loadings—at the online and offline do-
mains: the multiplexity and instrumentality indicators. Because these differences might make it more difficult to compare them, we 
next tested for the invariance of measurements across the online and offline social capital constructs, using a cross-dimensional model 
comparison test (Byrne, 2012). The compared models are shown in Table 3. 

The measures of fit of the two CFAs independently conducted to capture online and offline social capital are reported at the top of 
Table 3. Generally, both have acceptable values in all measures. The goodness of fit increases in the configural model (Model 1), 
especially when using Bayesian measures of fit, such as the AIC and the BIC (the smaller their value, the more probable the model is). In 
this configural model, both the average levels of social capital in the two domains (the intercepts) and the contribution of each in-
dicator to each (the slopes) are allowed to vary. This is the baseline model against which the fit of simpler models with partial measures 
of invariance are contrasted (Asparouhov & Muthén, 2008). Model 2 forces the loadings to be the same in the online and offline 
domains. Model 3 forces both the loadings and the average levels of social capital (intercepts) to be the same. Models 4 and 5 allow the 
intercepts and either the indicator of multiplexity or instrumentality to vary in each domain. 

Models 1 and 5 have the lowest AIC/BIC values and are the best models in terms of fit. The non-Bayesian fit indices are slightly 
better in Model 1 than in model 5, but the differences are very small and inconsistent across all the statistics. Model 5 indicates that the 
instrumentality indicator does not capture the same underlying concept in the online and offline contexts and has more weight in the 
former. We conclude that a model considering individual variance fits better than a model in which the loadings are constrained to be 
equal for online and offline connections. We can thus reject Hypothesis 1a, which expected the composition of online social capital to 
be the same as—to mirror—the one offline, and accept Hypothesis 1b, which expected them to differ, especially regarding the 
importance that the instrumentality of an individual’s communications has in defining his/her level of social capital—higher in the 
online domain. 

4.3. Multilevel regression analysis 

We next analyze the impact of cohort (baseline: oldest), social class (baseline: lower class), and education (baseline: least educated) 
on the differences in individuals’ online and offline social capitals, net of controls. To do so, we used multilevel models for repeated 
measures, in this case, of individuals’ social capital across the online and offline domains. The results of are shown in Table 4. 

The regression intercept in the baseline model shows the estimated mean value of offline social capital (0, by normalizing con-
straints). The beta coefficient shows the difference between individuals’ online and offline levels of social capital. It is not significant, 
but we know from the previous analyses that this apparent equality hides key differences in the composition of each form—more 
instrumental in its online manifestation. 

In the next model, cohort and the interaction between cohort and the online domain are added to the baseline model. The intercept 
is the estimated level of offline social capital of the oldest cohort. As expected (due to the effects of aging on individuals’ sociability), 
this cohort has less offline social capital than the youngest cohort, but about the same than the middle-aged cohort—see main effects 
for cohort. In this older cohort, the estimated level of an individual’s social capital is significantly lower in the online than in the offline 
realm (see main effect for the online domain). There are no differences between the two domains in the middle-age cohort, while in the 
youngest cohort, the online component is more important. The results confirm the generational divide in the social returns that in-
dividuals obtain from their online and offline communications. Younger people extract much more from their online connections; the 
oldest, from their offline ones. This divide remains even after adding to the model education, social class, and the interactions between 

Table 3 
Measurement invariance fit indices.   

χ2 RMSEA SRMR CFI TLI AIC BIC 
All Groups 307.952 (2) 0.094 0.630 0.908 0.731 394,267 339,568 
Online Social Capital 144.420 (2) 0.054 0.021 0.930 0.791 266,114 266,798 
Offline Social Capital 126.424 (2) 0.168 0.059 0.918 0.755 212,864 213,550 
Model 1: Configural 

(free all parameters) 
140.780 (4) 0.086 0.051 0.922 0,769 172.880 172.433 

Model 2: Metric  
(loadings invariant) 

159.62 (7) 0,102 0.056 0.910 0,846 185.627 185.686 

Model 3: Scalar  
(loadings + intercepts) 

259.549 (8) 0,085 0.082 0.820 0,699 373.540 373.594 

Model 4: Partial scalar 
(MULTIPLE) 

166.493 (5) 0,085 0.058 0,909 0,763 195.433 171.155 

Model 5: Partial scalar 
(INSTRUMENTALITY.) 

141.797 (5) 0,078 0.058 0.910 0,808 171.032 170.865 

Note: CFI: Comparative fit index, TLI: Tucker-Lewis index, RMSEA = Root mean squared error of approximation, SRMR= Standardized root mean 
square residual, INS: Instrumentality. Acceptable CFI and TLI values are 0.85 or higher; those of RMSEA and SRMR are 0.08 or smaller (Muthén, 
1994). The smaller AIC and BIC values, the more probable the model is (Hu and Bentler, 1999, Muthén, 1991, Muthén, 1994). 
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these variables and the online domain, plus the controls—see full model shown in Table 4. It can be visualized in Fig. 2, which shows 
the predicted differences across cohorts in their online and offline social capitals at the other covariates’ means. 

The oldest cohort relies much more heavily on offline connections to generate social capital, and the youngest, on online contacts. 
Since—we saw in the previous section—the composition of online social capital is more dominated by instrumental actions, the 
youngest cohort’s heavier reliance on online connections represents also an advantage in the mobilization that they can make of social 
resources. 

As for education and social class, their main effects in the Full model of Table 4 confirm that the highly educated and the middle and 
upper classes have higher offline social capital than the lowly educated and the lower classes. The interaction effects between edu-
cation or social class and the online domain allow adjudicating between the continuity, levelling, and deepening inequalities hypotheses. 
They show that these differences increase in the online world. Fig. 2, Fig. 3, and Fig. 4 visualize these patters by plotting the estimated 
levels of online and offline social capitals for each socio-economic group at the means of the other covariates. 

The differences in the levels of online and offline social capital increase at higher educational levels and social classes, confirming 
Hypothesis 2b about the widening of educational and class inequalities in social capital brought about by the expansion of digital media. 

Table 4 
Multilevel regression models of social capital.   

Base Model Birth Cohort Full Model  

β̂ s.e. β̂ s.e. β̂ s.e. 
Online Social Capital (Ref: Offline) -0.01 (-0.0) -0.29*** (4.1) -0.61*** (0.2)        

Cohort (Ref: Oldest)       
Middle age   0.02 (1.1) 0.03 (0.1) 
Youngest   0.29*** (2.6) 0.211* (0.4) 
Online##Cohort       
(Ref: Offline and Oldest)       
Online#Middle age   0.26*** (3.2) 0.27*** (3.6) 
Online#Youngest   0.67*** (4.0) 0.45*** (4.5)        

Education (Ref: Low Level)       
Middle     0.03 (2.1) 
High     0.15** (1.7) 
Online##Education       
Ref: Offline and Low Level)       
Online#Middle Level     0.21*** (2.5) 
Online#High Level     0.50*** (2.4)        

Social Class       
(Ref: Lower Class)       
Middle Class     0.01 (0.3) 
Upper Class     0.06*** (0.6) 
Online##Social Class       
(Ref: Offline and Lower Class)       
Online# Middle Class     0.23*** (3.6) 
Online# Upper Class     0.28*** (3.7)        

Gender (Ref: Male)       
Women       
Employment Status       
(Ref: Employed)       
Housewives     -0.48*** (-5.9) 
Pensions (not worked before) or unemployment     -0.55*** (-6.3) 
Retired (worked before)     -0.40*** (-10.8) 
Student     0.08 (-8.1) 
Marital Status       
(Ref: Single)       
Married     0.19 (0.8) 
Widowed or Divorced     0.39 (2.6) 
Size of Residency     -0.03*** (3.4) 
Intercept 0.001 (0.0) 0.26*** (7.0) 0.77** (1.4) 
N 4488  4488  4488  
Pseudo-R2 0.01  0.15  0.26  

Note: Standard errors in parentheses. * p<0.10, ** p<0.05, *** p<0.010. 
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Fig. 2. Predicted social capitals by birth cohort  

Fig. 3. Predicted social capitals by Social Class  

Fig. 4. Predicted social capitals by Education  
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Several reasons might explain it: from the higher cognitive abilities and technological literacy of the educated, to the higher resources 
that the wealthy have to access PDM. And since—we found—online social capital differs in important respects from its offline 
counterparts, the increasing divide is also one in the use that socio-economic groups make of their social connections—more 
instrumental in the online world among the advantaged. 

5. Summary and conclusion 

Advances in technology, along with individualism and globalization, mark some of the major social changes we have witnessed in 
the last decades. An ever-increasing number of people are turning to their computers and mobile devices to nourish their social 
connections and receive a wide spectrum of social support. Virtual social connections break traditional and geographical boundaries by 
freeing people from having to interact face-to-face, providing access to more social resources. However, some questions remain. Do the 
access and mobilization of social resources differ in the online and offline domains? In other words, are the different elements of social 
capital mixed in different ways in each domain, providing different benefits to people? If so, to what extent does the new mix and the 
expansion of online activities alter traditional social capital inequalities across cohorts, educational groups, and social classes? 

In this paper, we aimed to answer these questions by investigating how people benefit from their social connections in the online 
and offline domains. We examined in which ways the properties of the digital world affect both the returns from social capital and their 
distribution across society. There are two strands of literature addressing these issues. The first deals with the composition of social 
capital, viewing online social capital as either a reflection or a replacement of the offline one. The second strand focuses on the digital 
divide, on who has benefitted the most from changes in the composition of social capital. There are three arguments in this second 
strand. The first sees the shift towards online forms of communication as having been democratic and having given access to the 
disadvantaged to forms of social capital previously reserved for the advantaged (the levelling argument). The second argument sees the 
shift as having benefitted the advantaged by multiplying their weak ties and limiting the use that the disadvantaged make of online 
networks to strong ties, reinforcing their segregation (the deepening inequalities argument). The third argument sees the changes in the 
composition of social capital as having affected all socio-economic groups similarly, except cohorts, reflecting a generational digital 
divide (the continuity argument). 

To explore these issues, we focused on the case of Spain, a country with traditionally high levels of inequalities (Brandolini & 
Smeeding 2007) that has experienced rapid socio-economic and cultural transformations in the last decades. Spain is an excellent case 
to explore the depth of the generational divide brought by the expansion of PDM, and its consequences on social inequalities. 

We analyzed a very rich survey conducted in 2016 by Spain’s main public opinion institute on Spaniards’ patterns of online and 
offline communication. Using this dataset, and guided by Lin’s (2001) conceptualization of social capital, we adapted the question-
naire to generate two composite indicators of respondents’ access and mobilization of offline and online social resources. We next 
tested if the indicators expressed the same meanings, i.e., if the composition of online and offline social capital mirrored one another in 
the intensity of communications, the heterogeneity of social networks, the strength of the ties connecting people, and the instru-
mentality of the connections. 

The results confirmed that online social capital differs substantially from its offline counterpart regarding people’s mobilization of 
social resources and, more specifically, in the instrumental use they make of social contacts—higher in the online domain. The results 
confirmed the importance of what has been coined as the third digital divide, the “gap in individuals’ capacity to translate their internet 
access and use into favorable offline outcomes” (van Deursen and Helsper 2015, p.29). 

Our results also showed that younger, more educated, and upper class people have benefitted more from the digitalization of social 
life, for in these groups social capital returns are higher online than offline. On the contrary, older, less educated, and poorer in-
dividuals still rely on traditional and less instrumental forms of social communication with others as their main vehicle to socialize. 
Thus, our results confirmed that social inequalities, rather than having declined as a consequence of the expansion of digital media, are 
increasing. The advantaged are benefiting the most from this expansion and from the higher role played by the digital media as in-
struments to attain a wider range of socio-economic ends. 

5.1. Limitations 

Whether the results of this paper are a reflection of the recentness of Spain’s digital transformation and higher than average social 
inequalities, and are thus inapplicable to more digitally mature societies , we cannot tell. We ignore how country-level factors shape 
cultural preferences and social relations. Nor do we know if the typical use of PDM (e.g., the ways people use instant messaging 
applications) varies across countries. Thus, it remains open to interpretation whether the mixes of components identified in this paper 
as characterizing social capital in the online and offline domains are the same in all societies, and if the socio-economic factors that we 
identified as explaining their distribution are equally important. It shall be the subject of future research. 

Another limitation of this research is that it is based on respondents’ subjective recollections of the composition of their online and 
offline social networks, such as the number of personal contacts they have, how frequently they communicate with them, or the types 
of communities to which they ascribe the people whom they have contact with (e.g., friends or acquaintances). The choices that the 
survey designers made regarding the collection of respondents’ network data may have affected the inferences we made about the 
structure of their global social networks. For example, the number and types of contacts reported by the respondents in the survey may 
have been truncated and biased towards closer/stronger ties due to homophily, as in similar surveys (McPherson et al., 2001; Lin & 
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Erikson, 2008). Likewise, the assumption that respondents are linked to some categories of people (e.g., acquaintances) by weak ties 
may be less realistic in online contexts in which such ties tend to be more redundant and provide less exclusive access to other networks 
than offline (de Meo, Ferrara, Fiumara, & Provetti, 2014). These limitations may have affected our ability to detect more differences in 
the various components of social capital between domains, or to assess the true extent of the digital divide across socio-economic 
groups. And yet, provided that these biases affect similarly all individuals and groups, their neutralization is unlikely to alter our 
main conclusion—that the digitalization of social life is contributing to a widening of social inequalities, by providing the advantaged 
with higher and more instrumental forms of social capital. 
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Appendix   

Table A1 
Classification of uses as assertive or instrumental for the purpose of constructing the ONLINE INSTRUMENTALITY index.    

PDM 
Platforms    

Factor Loadings 
for Social Media 
Uses   

TYPES USES Phone Email WhatsApp Social 
Media 

Dimension 1 
(Assertive 
actions) 

Dimension 2 
(Create new 
connections) 

Dimension 3 
(Instrumental 
actions) 

Assertive 
Actions 

Communicate with my family 
(just chat with the family 
without a specific objective) 

þ þ þ

Plan activities with family 
(coordinate activities with the 
couple, children, parents, 
grandchildren) 

þ þ

Communicate with my friends 
(just chat with them without a 
specific objective) 

þ þ þ

Plan activities with friends þ þ

Give a piece of advice or help to 
family, friends, and others 

þ þ

Ask for advice or help from 
family, friends and others 

þ þ

Communicate with people who I 
cannot see frequently    

þ 0.30    

Share or access to photos, 
videos, etc.    

þ 0.36    

"browse," be aware of what 
others do, and of what those 
who use their social network say    

þ 0.31    

"Keep up" with information and 
plans that are transmitted over 
the network ("hangouts," 
conversations, events…)    

þ 0.33    

Be socially active (not to seem 
someone weird and isolated 
from a circle of relationships)    

þ 0.31   

Instrumental 
Actions 

Work-related reasons 
(coordinate or organize a work 
activity, looking for information 
related to an occupation) 

þ þ þ þ 0.46  

Study-education related reasons 
(appointments with teachers, 
consultations, etc.) 

þ þ þ

Looking for a job þ þ þ þ 0.42  
þ þ þ

(continued on next page) 
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